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In research practice, multimodal large language models are often trained on data treated as “public” (e.g., videos scraped from YouTube).
However, these models may memorize and re-expose training data, and can introduce downstream risks that were not anticipated
at the time of data upload. Such uses go beyond what individuals could reasonably understand or consent to when sharing content
online. In light of these concerns, this paper reflects on data practices in multimodal LLM research and calls for renewed attention to

how meaningful consent should be obtained and sustained in this context.
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1 What Happened To Consent? Have | given consent?

The sources of training data for AI models have long been controversial, as advances in generative Al have exposed
the extent to which model training relies on data that was never “meaningfully consented to” (i.e., consent given for a
specific purpose, with a reasonable understanding of potential outcomes and the possibility of withdrawal [26]), but
treated as permissible solely because it was publicly accessible [13, 14]. Much of the resulting public debate has framed
this issue through a commercial lens [e.g., 2, 3, 15, 22], emphasizing questions of copyright infringement, financial
compensation for creators, and the responsibilities of corporate actors who deploy large-scale models.

Yet this consent issue is significantly understudied in academic contexts. A common underlying assumption has
long been that publicly available data can be used with the owner’s consent for training. This assumption has long
underpinned research practices involving large-scale datasets and is frequently invoked to justify ethical waivers in data
collection and model development. However, with the rapid development of multimodal large language models (LLMs),

their emergent capabilities, unpredictable usage, and the dense information in videos are forcing us to re-examine user
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consent. Ultimately, as multimodal LLMs continue to blur the line between public availability and exploitation,
addressing this “consent gap” will be critical to ensuring the responsible and sustainable evolution of the
field.

2 Rethinking Consent Through the Lens of LLM Security&Privacy Research

Findings from security and privacy research demonstrate that LLMs are capable of memorizing and reproducing elements
of their training data, reorganizing information across contexts [8, 9, 33, 35], and re-exposing data through interactive
model outputs [11, 23, 28, 30]. These capabilities transform public data into persistent, generative representations that
enable reuse and redistribution beyond their original disclosure context [5].

Unlike text, audiovisual data encodes rich contextual and perceptual information [6, 24] that makes individuals
more readily identifiable, even when they are not the intended subjects of the data [4]. Images, videos, and audio
recordings often capture bystanders incidentally [19, 34], embedding information about individuals who neither created
the content nor consented to its downstream use in model training.

Incorporating such data into multimodal LLMs introduces significant new risks. Cross-modal alignment enables
models to associate visual, auditory, and textual signals, supporting emergent abilities, such as cross-modal reasoning
and holistic inference with knowledge from all different resources [29, 31, 32]. These capabilities can unexpectedly
enable such models or malicious users to expose sensitive attributes, reconstruct contexts of appearance, or even
hallucinate misinformation that is absent from the original data [e.g., 10, 16-18, 20, 27].

While meaningful consent, which requires clarity about data use and a reasonable understanding of potential
outcomes, is difficult to satisfy in multimodal LLM training, the transformative reuse of training data fundamentally
undermines consent obtained at the point of original disclosure. Such downstream uses and risks were neither clearly

articulated nor reasonably foreseeable when individuals shared content online.

3 Consent Gaps in Multimodal Research and What Comes Next?

We conducted a selective survey across multimodal LLM research papers in recent conferences, and found two major
patterns of consent gaps. The first gap lies in data reuse. Many multimodal LLMs reuse datasets that contain videos
originally collected through crowdsourcing for a clearly defined purpose, such as speech recognition or emotion
classification. In these scenarios, participants agreed to make their data public for specific research use only. However,
these datasets are often reused (sometimes unconsciously) to train LLMs for different purposes, or circulated across
different research projects without re-collecting or re-examining the associated consent conditions. Another gap arises
from shifting platform norms. For example, YouTube’s 2024 policy update makes video uploads opt out of third-party
model training by default [1, 25]. Yet videos that were previously scraped continue to exist as precompiled datasets
hosted on platforms such as GitHub and Hugging Face. While consent is being reconsidered on the commercial side, its
implications have yet to meaningfully carry over into research contexts, leaving many of these issues unresolved.

This further substantiates another challenge of meaningful consent: once audio-visual data has propagated across
benchmarks and been absorbed into trained models, there is often no realistic way for creators or data subjects to
withdraw it. In practice, this means that consent - if it was ever given — becomes effectively irreversible. This situation
suggests that current research practices place greater weight on public availability than on consent itself, even as this
assumption becomes increasingly difficult to defend in the context of multimodal LLMs.

Therefore, in this position paper, we outline several directions that warrant sustained research attention to stimulate

discussion at the workshop and inform future work.
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e What constitutes meaningful consent in multimodal LLM research, and how should it be operationalized in
practice?

— How should researchers inform creators or data subjects about potential uses, risks, and impacts in ways that
enable genuinely informed decisions - especially when many audio-visual creators (e.g., YouTubers) view data
use primarily through the lens of compensation [12] rather than privacy?

e Many papers claim exemption from formal research ethics committees (REC) approval in their ethics statements
because the data is publicly available. We argue that public availability alone should not justify exemption and
that such research ought to undergo ethics review. This raises a further question: when review is required, what
responsibilities should REC assume in auditing claims that meaningful consent has been obtained for the data
used in research?

— Without enforceable intervention from existing ethics review bodies, the academic community is unlikely to
take this issue seriously, and the problem is likely to worsen in both scale (more datasets, more models) and in
that these practices are becoming standard and unquestioned. However, key questions remain unresolved,
including how standards for assessing meaningful consent should be specified and what criteria could be
used to determine whether such standards are met. Research ethics committees might consider whether
consent evaluation could be supported or delegated to automated or Al-based tools. However, potential newly
introduced risks should also be carefully considered.

e What technical solutions might help bridge the gap between the limitations of traditional consent and the need
for meaningful individual control over personal data?

— To what extent can emerging techniques such as machine unlearning or targeted data removal [7, 21] support
post-hoc withdrawal of consent in multimodal LLMs? How should the limitations and failure modes of these
technical approaches be communicated, so that they are not treated as substitutes for consent but as partial
safeguards within broader ethical frameworks?

e How should research practices account for individuals who appear incidentally in data as bystanders, but have
neither created the content nor consented to its reuse? Recent work has begun to address bystander privacy in
specific modalities, e.g. in audio LLMs [34]. However, broader questions remain about how to allocate control
over bystander data across different modalities and contexts:

— When consent cannot reasonably be obtained, how should control over the use and inference of bystanders’

data be allocated, and who should be responsible for exercising that control in multimodal LLM research?
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